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Afterwards, there are ideas on expanding the algorithm for
detecting other objects that might appear on the railways
such as livestock or obstacles.
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The case study for this research is a railroad crossing Figure 1. Trespassing Events, grouped by day of the week and time of day located on the front of a locomotive as well. The challenge
located in Ramsey, New Jersey. The times captured are: | , | for this task would be dynamically defining the Region of
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January 2019 (31 days). algorithm. This is very helpful in determining characteristics of trespassing and time/location of detection of trespassing along the right-of-way.

trespassing which can be used in preventing future trespassing events. Examples of such prevention
strategies include police being on duty during peak hours and giving students who ride school buses and
commuters from Ramsey Station more education on safety issues.
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