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Abstract 

Banks play a central role in narrowing the homeownership gap between White and African 

American households. We examine whether having an African American director on the board of 

a bank influences mortgage access for African American borrowers. First, we find that the 

appointment of African American directors is endogenous -- banks with African American 

directors tend to be larger, attract more applications from economically disadvantaged areas, have 

a higher proportion of female directors, rely less on deposits, hold fewer real estate loans, and are 

more frequently headquartered in states with a greater share of African American executives. 

Second, we document that banks with an African American director provide significantly more 

mortgage loans to African American mortgage borrowers. This effect arises primarily from a 

higher number of African American applicants, rather than lower rejection rates for African 

American mortgage applicants. We validate these findings using four econometric approaches: 

OLS, matching methods, modified control function regressions, and an analysis of African 

American director appointments. Third, we find no observable relationship between African 

American board representation and overall bank performance or valuation. Taken together, the 

results provide a nuanced view of how representation affects access to credit.  
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“While the calls for more board diversity apply to all kinds of public companies, banks are 

arguably under the most pressure because they can play such a crucial role in closing the racial 

wealth gap…” 

American Banker, December 7, 20201   

 

“Perhaps, because so much of economists’ attention has been devoted to using field experiments 

to measure the extent of discrimination, there has been much less activity in designing creative 

ways to better document its consequences or ways to undermine it.” (emphasis added) 

 

Bertrand and Duflo, 2017, p. 382.  

 

1. Introduction 

Racial disparities in mortgage access remain one of the most concerning features of the 

U.S. economy, contributing directly to the large and persistent racial wealth gap (American Banker, 

2020). More than five decades after the passage of the Fair Housing Act of 1968 and the 

Community Reinvestment Act of 1977 2, African American households are still far less likely to 

own a home than White households and hold only a fraction of the wealth.3 At the same time, 

empirical research continues to document that African American mortgage applicants are rejected 

at a higher rate than similar White mortgage applicants (Black et al., 1978; King, 1980; Munnell 

et al., 1996; Tootell, 1996; Ladd, 1998; Hubbard et al., 2013; Ross et al., 2008; Martinez and 

Glantz, 2018; Quillian et al., 2020; Begley and Purnanandam, 2021; Bhutto, et al., 2024; Giacoletti 

et al., 2025). These persistent disparities underscore the limitations of past reforms and highlight 

the need for interventions that effectively reduce the home ownership gap (Bertrand and Duflo, 

2017). 

 
1
 https://www.americanbanker.com/news/protests-and-mandates-push-banks-to-add-more-minorities-to-boards.  See 

Section 2.1 of this paper for initiatives to increase the diversity of boards.  
2 The Fair Housing Act of 1968 prohibits discrimination based on race and is actively enforced by the Office of Fair 

Housing and Equal Opportunity in the U.S. Department of Housing and Urban Development (HUD). The Community 

Reinvestment Act of 1977 encourages financial institutions to help meet the credit needs of the communities in which 

they do business, including low- and moderate-income neighborhoods. 
3 According to data from U.S. Census Bureau Housing Vacancies and Homeownership Survey for 2025:Q2, the 

homeownership rate among African Americans stands at 43.7 percent compared to 74 percent among Whites. The 

median wealth of African American households is $44,890, compared to $285,010 for White households (2022 

Federal Reserve Survey of Consumer Finances). 
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One such intervention is to increase the racial diversity of a bank’s board of directors. 

Board members help set lending priorities and shape institutional culture. African American 

directors, by virtue of their lived experiences, may heighten awareness of racial disparities, 

advocate for practices that broaden access to credit, or signal inclusivity in ways that encourage 

African American borrowers to apply. Yet it remains unknown whether these mechanisms 

translate into measurable changes in mortgage lending outcomes. Studies of mortgage markets 

cited in the pervious paragraph focus primarily on disparities in underwriting or credit standards, 

what is commonly referred to as the “rejection rate”.   

But the dollar credit to African American mortgage applicants is equal to the product of 

their approval rate (equivalently, one minus the rejection rate), the number of African American 

mortgage applicants, and the average mortgage loan size of African American applicants. Given 

that mortgage loan size is largely driven by house prices, we examine the rejection rate and the 

number of African American mortgage applicants. 4  

Our study addresses three related questions. First, what factors are associated with the 

presence of African American directors on bank boards?5 Prior work has shown that the board 

composition of firms is not random but reflects firm characteristics and the labor supply of 

potential directors (Boone et al., 2007; Coles et al., 2008; Linck et al., 2008; Knyazeva et al., 2013; 

Giannetti and Zhao, 2019; Bogan et al., 2021). We focus on banks only, as they are central to 

building household wealth. Second, does African American board representation improve African 

American borrowers' access to mortgage credit? This is the core of our analysis, and we employ 

 
4 When we regress the average loan size of African American applicants on whether or not a bank has an African 

American director and on other control variables, we find no statistically significant difference between banks with 

and without an African American director. These results are not reported but are available from the authors. 
5 We focus on African American directors because there are too few directors from other minority groups in our 

sample for reliable inferences. 
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multiple econometric approaches to address identification challenges, such as OLS (along with 

Oster’s (2019) δ statistic for the importance of unobservables), matching estimators, the modified 

control function regression of Klein and Vella (2010) and Armstrong et al. (2022), and director 

appointments. Third, does board diversity affect bank performance or risk? While not our primary 

focus, this question allows us to contextualize our analysis within the broader governance literature 

and to assess whether any credit access benefits to African American mortgage applicants come at 

a financial cost to bank shareholders. 

The importance of our analysis is heightened by recent policy developments. In the late 

2010s and early 2020s, regulators, Congress, stock exchanges, and institutional investors adopted 

initiatives to increase board diversity. Yet these efforts have now been decisively reversed: courts 

have struck down mandatory board diversity rules, many firms have curtailed DEI programs, and 

the federal government has formally dismantled diversity mandates through Executive Order 

14151 and related actions. This retreat reflects a growing skepticism about the benefits of board 

diversity. Evaluating whether diverse boards improve access to mortgage credit is therefore 

especially timely, as the evidence can inform regulators, investors, and politicians on the merits of 

diversity initiatives. 

Our analysis draws on a sample of 143 bank holding companies between 2010 and 2023, 

corresponding to 1,101 bank-year observations, 46.2 million mortgage applications, and 689 bank-

year observations with at least one African American director. We report three main findings. First, 

the presence of African American directors is systematically related to bank characteristics: larger 

banks, those serving communities with larger minority populations, banks with more female 

directors, and banks headquartered in states with a larger labor supply of African American 

executives are more likely to appoint African American directors. Second, banks with African 
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American directors receive significantly more mortgage applications from African American 

borrowers but have the same rejection as other banks. The net effect is an increase in mortgages 

extended to African American households. Third, African American representation on boards has 

no measurable impact on bank performance or risk, as proxied by stock returns, Tobin’s Q, ROA, 

non-performing loans, or excess volatility. These results suggest that African American directors 

help expand access to credit primarily by attracting more applications, rather than by altering 

underwriting standards. Importantly, they do so without sacrificing operating performance or 

increasing risk.  

Given that we find (i) banks with African American directors receive significantly more 

mortgage applications from African American borrowers than banks without such directors, and 

that (ii) increased mortgage credit has no adverse consequences for bank performance or risk, we 

believe that recent efforts to roll back board diversity initiatives in banks might overlook a 

measurable benefit of board diversity for mortgage credit access for African American borrowers.  

Two caveats are important to note. First, our data set covers only a subset of banks, which 

limits our ability to make statements about overall access to mortgage credit. Specifically, some 

African American borrowers may have obtained loans from other lenders. Second, while our 

results show that African American directors are associated with a significant increase in mortgage 

applications from African American borrowers, the data do not allow us to identify the precise 

mechanism driving this relationship. Potential explanations include enhanced outreach, greater 

community trust, targeted marketing efforts, or signaling to African American mortgage applicants. 

Unfortunately, publicly available data on these channels, to the best of our knowledge, do not exist. 

We leave testing the impact of these channels for future research. 
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The remainder of the paper is structured as follows. Section 2 reviews recent efforts to 

increase board diversity and the prior literature on mortgage discrimination and diverse boards. 

Section 3 develops hypotheses regarding factors influencing African American board 

representation. Section 4 describes our data and sample, and Section 5 presents our empirical 

results. Section 6 concludes. 

2. Board diversity and mortgage lending 

2. 1 Initiatives to increase board diversity 

Despite years of pressure from regulators and social activists, progress on appointing more 

minority directors on corporate boards has been slow (Adams and Ferreira, 2009; Field et al., 2020; 

Kim and Starks, 2016; Lemayian et al., 2020; Peterson et al., 2007; Bogan et al., 2021).  Corporate 

board composition remains predominantly White; a 2022 survey of Fortune 500 companies 

revealed that Whites held 77.8 percent of board seats, compared to just 11.9 percent held by 

African Americans and 4.7 percent by Hispanics.6 The late 2010s and early 2020s marked a period 

of intense regulatory and investor focus on board diversity, with multiple initiatives introduced 

across government agencies, stock exchanges, and institutional investors. In what follows, we 

briefly review these initiatives and their subsequent reversal during President Trump’s second term. 

In December 2020, Nasdaq proposed new “comply-or-explain” listing standards requiring 

companies to disclose the demographic composition of their boards and to have, or explain why 

they do not have, at least two diverse directors—one self-identified as female and the other as 

either an underrepresented minority or LGBTQ+. The SEC approved these rules in August 2021, 

setting phased-in compliance deadlines through 2025–2026 depending on listing tier. However, 

 
6 “Missing Pieces Report: The 2022 Board Diversity Census of Women and Minorities on Fortune 500 Boards”, by 

Deloitte and the Alliance for Board Diversity. 
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the initiative ultimately did not survive judicial review. On December 11, 2024, the U.S. Court of 

Appeals for the Fifth Circuit vacated the SEC’s approval of Nasdaq’s board diversity rules, holding 

that the SEC lacked statutory authority. Nasdaq formally repealed the rules on February 4, 2025. 

Companies are no longer subject to Nasdaq’s diversity disclosure or “comply-or-explain” 

requirements, although many continue to report board demographics voluntarily. 

In parallel, the SEC continues to require transparency under Regulation S-K Items 401 and 

407. In 2021, the SEC clarified that companies may disclose a director nominee’s self-identified 

diversity characteristics—if the individual consents—and must describe any diversity factors the 

board or nominating committee considers when evaluating candidates. These disclosure provisions 

remain in force. 

In Congress, the Improving Corporate Governance Through Diversity Act of 2021 (H.R. 

1277) sought to increase transparency by requiring public companies to report the demographic 

composition of their leadership. The proposal did not move beyond committee consideration, and 

it has not been reintroduced since. 

The landscape has also shifted among proxy advisory firms. Institutional Shareholder 

Services (ISS) formerly recommended voting against nominating committee chairs at large U.S. 

companies lacking racial or ethnic diversity. But in February 2025, ISS suspended all use of gender 

or racial diversity factors in its U.S. director election recommendations, citing heightened legal 

and regulatory scrutiny of DEI initiatives. Glass Lewis, while maintaining its view that diverse 

boards enhance oversight, has softened its enforcement stance. Its 2025 U.S. guidelines retain 

gender- and race-related expectations but now flag such considerations for investor attention rather 

than automatically recommending “against” votes. Glass Lewis and ISS jointly filed suit against 

the State of Texas in July 2025, challenging a new law that restricts proxy advisers from 
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considering or discussing DEI or ESG issues in their analyses, arguing the law violates their First 

Amendment rights. 

In the private sector, Goldman Sachs continues to encourage board diversity but has scaled 

back its formal underwriting restriction, now treating it as a best practice expectation rather than 

an absolute prerequisite for IPO clients. 

At the state level, the once prominent California board diversity mandates (SB 826 and AB 

979) were struck down as unconstitutional in 2022. Most other state proposals stalled or shifted 

toward disclosure only. As of 2025, Washington, Illinois, New York, and Maryland maintain 

active disclosure or “comply-or-explain” rules, while all other quota-based statutes have been 

invalidated or repealed. 

Large public sector investors still engage with management to advocate for more inclusive 

boards. The New York City Comptroller’s Boardroom Accountability Project (launched in 2014) 

remains active today, now under its 3.0 phase. It encourages companies to adopt diversity search 

policies for board and C-suite recruitment and to improve transparency about board composition. 

In past proxy seasons, the Comptroller’s office submitted shareholder proposals and negotiated 

agreements for companies to include women and people of color in candidate pools. It also 

maintains a focus list of companies for targeted engagement. 

In summary, after a surge of regulatory and market enthusiasm between 2018 and 2021, 

nearly all mandated or quota-based diversity initiatives have been struck down, repealed, or paused, 

leaving a disclosure-only framework at the federal level and in a few states. Nonetheless, investors, 

proxy advisers, and public funds continue to advocate for board diversity through transparency, 

market pressure, and reputational incentives. 
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2.2  Literature on mortgage lending discrimination 

A large body of work has documented persistent racial disparities in mortgage lending. 

Early studies found that minority applicants were rejected at significantly higher rates than 

comparable White applicants (Black et al., 1978; King, 1980; Schafer and Ladd, 1981).7 Tootell 

(1996) suggested that some of these disparities reflect neighborhood characteristics rather than 

direct discrimination. In an influential study, Munnell et al. (1996) examined Boston-area HMDA8 

data supplemented with borrower information, and find that even after controlling for wealth, 

credit scores, and loan-to-value ratios, minority applicants remain eight percentage points more 

likely to be denied. More recent research confirms the persistence of these gaps. Hubbard et al. 

(2013) find that minority borrowers in New Jersey are more likely to be rejected in the prime 

market but less likely in the subprime segment, pointing to segmentation based on borrower 

characteristics. At the national level, Quillian et al. (2020) document that the rejection rate gap 

between minority and White applicants narrowed only marginally from 1976 to 2016. 

Regulation and external pressures can influence lending outcomes. Begley and 

Purnanandam (2021) show that while the Community Reinvestment Act expanded access to credit 

for low and moderate income and minority borrowers, it also increased consumer complaints, 

suggesting a tradeoff between loan quantity and quality under regulatory pressure. Bhutta, et al. 

(2024) use confidential HMDA data and find that government mandated race-blind automated 

underwriting systems have reduced the rejection rates for minorities substantially. They suggest 

that any remaining racial disparities in rejection rates are likely explained away by additional 

 
7 Explanations for persistent lending discrimination include taste-based discrimination (Becker, 1957), implicit bias 

(Bertrand et al., 2005; Bordalo et al., 2016), and statistical discrimination (Arrow, 1971; Phelps, 1972). We do not test 

among these theories, as they yield similar predictions in our context. 
8 The Home Mortgage Disclosure Act (HMDA) of 1975 requires financial institutions to maintain, report, and publicly 

disclose loan-level information about mortgages. Public data are modified to protect applicant and borrower privacy, 

while providing regulators and researchers data that might shed light on discriminatory lending patterns.   



 

10 

 

borrower characteristics such as cash reserves.  Giacoletti et al. (2025) provide evidence that 

African American borrowers are still more likely to be rejected than Whites, even when banks face 

monthly approval quotas designed to expand access. 

Studies also show that minority applicants are more likely to be approved when their 

applications are handled by minority loan officers, underscoring the influence of implicit bias in 

face-to-face decision making (Fisman et al., 2017; 2020; Frame et al., 2025). 9 

2.3 Literature on minority directors  

Minority representation on corporate boards may influence lending to minority borrowers 

through several interconnected channels. As both monitors and advisors to management (Adams 

and Ferreira, 2007), minority directors can shape strategic priorities, promote inclusion, and affect 

how institutions perceive and respond to different customer groups. A diverse board may broaden 

the range of perspectives considered in decision making and increase awareness of issues affecting 

underrepresented stakeholders. Empirical studies show that such diversity is associated with 

stronger governance. Carter et al. (2003) find a positive relationship between racial diversity and 

firm value, while Cook and Glass (2015) and Giannetti and Zhao (2019) document that diverse 

boards are linked to improved performance and more innovative environments. In the context of 

banking, these mechanisms imply that African American directors may help ensure that the 

experiences and needs of minority borrowers are better represented in board deliberations, leading 

to policies that reduce informational or perceived barriers to credit access. The directors’ lived 

experiences, including personal encounters with bias or exclusion, may elevate priorities that 

would otherwise be overlooked (Collins, 1997; Smith and Nkomo, 2001; Post et al., 2011). These 

 
9 Numerous studies document that minority borrowers pay higher interest rates, fees, and points than White borrowers 

with similar credit profiles (Courchane and Nickerson, 1997; Ghent et al., 2014; Reid et al., 2017; Black et al., 2003; 

Bayer et al., 2018; Bhutta and Hizmo, 2020; Ambrose et al., 2021; Bartlett et al., 2022). We do not test for price-based 

discrimination in this paper because we lack detailed data on loan pricing. 



 

11 

 

unique perspectives can also influence long term leadership choices, such as CEO selection, which 

shape a bank’s broader orientation toward equity (Wang and Coffey, 1992). Recent evidence by 

Heyes et al. (2025) on complaints filed with the Consumer Financial Protection Bureau is 

consistent with this argument. Specifically, Heyes et al. (2025) documents that financial 

institutions with more diverse boards in terms of gender and race receive fewer complaints from 

minority communities compared to institutions with less diverse boards.   

Board diversity can also influence credit outcomes through signaling. Research suggests 

that racially diverse boards are perceived more positively by investors, employees, and the public. 

For example, Miller and del Carmen Triana (2009) find that firms with more racially diverse 

boards receive higher corporate reputation scores, even after controlling for performance. In 

lending, these signals may extend to potential borrowers: African American borrowers may 

interpret the presence of African American directors as a sign of inclusivity and fairness, 

encouraging them to apply for mortgages at these banks. 

Despite these potential benefits, minority directors often encounter barriers that limit their 

influence on board decisions. Tokenism can occur when minority directors are appointed primarily 

for optics rather than given meaningful authority (Kanter, 1977). Interviews with corporate 

directors highlight how diversity is sometimes treated as a signal rather than a substantive lever 

for change (Broome and Krawiec, 2008). Even when present, minority directors are significantly 

less likely to hold leadership roles such as board chair or chair of key committees, despite having 

equal or similar qualifications (Chidambaran et al., 2022). 

A separate body of research examines what drives the appointment of minority directors in 

the first place. Larger, more visible firms and those with diverse workforces are more likely to 

include African American directors (Rose and Bielby, 2011), and board composition often mirrors 
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the racial demographics of industries, labor forces, or local director pools (Glass and Cook, 2017; 

Knyazeva et al., 2013; Giannetti and Zhao, 2019). External pressures and social movements also 

play a role. Bogan et al. (2021) show that even before California’s board diversity mandate and 

Nasdaq’s listing requirements, minority appointments were rising in firms with strong growth 

prospects and diverse workforces. After the Black Lives Matter movement in 2020, African 

American appointments surged by 185 percent. Yet Balogh and Yonker (2024) find little evidence 

that these changes affected firm performance or risk. 

3. Determinants of African American representation on bank boards 

In this section, we develop hypotheses on factors determining African American 

representation on bank boards. Additionally, we describe proxy variable(s) that capture each factor.  

We analyze board diversity using the following empirical model: 

𝐵𝑜𝑎𝑟𝑑𝐴𝐴𝑖,𝑡 =  𝛼 +  𝛽1 ∗ 𝑝𝑟𝑜𝑥𝑦 𝑣𝑎𝑟𝑖𝑎𝑏𝑙𝑒𝑠𝑖,𝑡−1 + 𝛽2 ∗ 𝑐𝑜𝑛𝑡𝑟𝑜𝑙 𝑣𝑎𝑟𝑖𝑎𝑏𝑙𝑒𝑠𝑖,𝑡−1 +

 𝛽3 ∗ 𝑌𝑒𝑎𝑟𝑇𝑟𝑒𝑛𝑑𝑡 +  ƞ𝑖,𝑡 ,                                                                            (1) 

             where i refers to banks and t refers to years, respectively. The model includes proxies for 

bank characteristics that may explain the inclusion of an African American director on the board 

as well as several control variables. YearTrendt is the number of years between year t and year 

2009. It is included to capture systematic differences in board diversity across time. The parameter 

ƞ𝑖,𝑡  represents the error term.10  The dependent variable, BoardAA, is 1 if there is at least one 

African American director on the board, and 0 otherwise. We use an indicator variable because the 

alternative measure, namely the percentage of directors who are African American, is strongly 

negatively correlated with board size.   

 
10 We are unable to estimate a bank-level fixed effects models because we do not have a long enough panel data set.   
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The different factors and their empirical proxies are explained below. To mitigate reverse 

causality concerns, all proxy and control variables in equation (1) are lagged one year. 

Bank size: There are significant direct and indirect costs associated with finding and 

appointing a qualified board member (Bogan et al., 2021). Direct costs include hiring search firms 

like Korn Ferry International, Heidrick & Struggles, or Spencer Stuart to identify and shortlist 

candidates. Indirect costs involve the time and effort spent by management to conduct interviews 

and gather informal recommendations about candidates’ skills. Larger banks have more resources 

to attract qualified African American executives to their boards, which is crucial given the scarcity 

of African American executives. Larger banks also traditionally face greater regulatory and 

political pressure to diversify their boards compared to smaller banks. As a result, larger banks are 

more likely to have an African American board member. To capture the effect of bank size, we 

use two dummy variables for bank size categories. SmallSize is set to one if a bank’s total assets 

are under $10 million, otherwise it is zero. MediumSize is set to one if a bank’s total assets are 

between $10 million and $100 million and is zero otherwise. Large banks, with assets over $100 

million, are represented when both SmallSize and MediumSize are set to zero. 

Board size: The opportunity cost of appointing an African American director is higher for 

smaller boards. For instance, a board with only six directors will face a higher burden in terms of 

managerial effort and time compared to a board with twelve members. To capture this effect, we 

use BoardSize, defined as the natural logarithm of the number of directors on the board. 

Customer base: African American directors may make the bank more welcoming to 

minority communities, attracting more qualified loan applicants. Minority customers might prefer 

a bank with visible African American representation, seeing it as more inclusive and understanding 

of their needs. This perception can be reinforced through marketing strategies, such as displaying 
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images of African American board members or mentioning them in customer communications. To 

measure this potential effect, we include the variable MMCTApply, defined as the fraction of loan 

applications received from census tracts where the majority of residents are either African 

American or Hispanic (Majority Minority Census Tracts, MMCT).11  

Culture of diversity: We hypothesize that banks with a culture of diversity are more likely 

to appoint an African American director. Prior research has shown that culture influences firm 

performance (Edmans, 2011; Guiso et al., 2015; Graham et al., 2022; summarized by Gorton et 

al., 2022). Fahlenbrach et al. (2012) specifically demonstrated its impact on bank performance. 

We use several proxy variables to capture a bank’s culture regarding diversity. The first is the 

proportion of female board members (BoardFemale). We expect boards with more women to be 

more inclined towards diversity. The second is the proportion of non-African American minority 

directors including Alaskan Native, Asian, Hispanic, Native American, and Pacific Islander 

(BoardOtherMinority). We expect boards with more minority members to show a stronger 

commitment to diversity.  

Following Berger et al. (2023) and Hurtado and Sakong (2024), we considered a bank's 

status as a Minority Depository Institution as another proxy for diversity. Minority owners may 

prefer more African American directors, but some may feel that their existing non-discriminatory 

policies make additional representation unnecessary. However, because there is no Minority 

Depository Institution in our sample, we cannot include this proxy in our model.  

Ownership by the three biggest index fund families: In 2017, the three biggest index fund 

families, Blackrock, State Street, and Vanguard, explicitly started campaigns to increase gender 

 
11 Data by the Federal Reserve Bank of New York do not allow us to aggregate HMDA loan originator data at the 

bank holding company level prior to 2010. To maximize our sample size, we measured MMCTApply 

contemporaneously with RejectAA.  
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diversity on the board of directors of US firms. Gormley et al. (2023) find that these campaigns 

significantly boosted the representation of women on boards. Specifically, in 2019, U.S. 

corporations had 2.5 times more women serving on their boards compared to the numbers in 2016. 

Accordingly, we create a variable, Big3, defined as the percentage stock ownership of these three 

index fund families. We expect that banks with greater ownership by Blackrock, State Street, and 

Vanguard are more likely to include an African American director on the board. 

Director labor supply: Research shows that the availability of qualified African American 

executives influences African American board representation (Rose and Bielby, 2011; Knyazeva 

et al., 2013; Glass and Cook, 2017; Giannetti and Zhao, 2019). This supply constraint is even more 

significant in the banking industry due to its unique structure and regulatory environment. Each 

subsidiary within a bank holding company is separately chartered, requiring its own board (Adams 

and Mehran, 2012). Moreover, the National Banking Act mandates that the majority of bank 

directors reside within the state or within 100 miles of the bank for at least a year prior to, and 

during their term.12 Additionally, the Federal Reserve’s Regulation L restricts directors from 

serving simultaneously on the boards of unaffiliated banks within the same community or 

metropolitan area.13  These residency and exclusivity requirements further reduce the pool of 

potential qualified African American directors, intensifying competition for qualified candidates. 

To quantify the local availability of qualified candidates, we use AAExecutives, defined as the ratio 

of African American executives to total executives in the state where the bank is headquartered.  

Our analysis includes control variables for bank characteristics that may determine whether 

there is African American representation on the board. First, we account for a bank's past 

performance, measured by return on assets (ROA). Second, we control for two measures of bank 

 
12 See 12 USC 72, “Qualifications,” which outlines the role of banks and banking in the US Code.  
13 See §203 of the Depository Institutions Management Interlocks Act.  
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risk. One measure is the bank's past annual excess stock return volatility (IVOL), calculated as the 

square root of 12 multiplied by the standard deviation of the bank's monthly excess stock returns, 

based on the Fama-French three-factor model. The other is the bank's leverage, measured as a 

bank's equity capital to total assets ratio (Capital). In addition, we include the ratio of deposits to 

total assets (Deposits). This measures the bank's reliance on deposits compared to other funding 

sources, such as repos or equity. To control for the bank's dependence on real estate loans, we also 

include the ratio of real estate loans to total assets (RealEstateLoans).14  

Finally, we include two state-level controls to control for economic differences between 

states. The first is the logarithm of per capita income (logGDP) for the bank’s headquarters state, 

measured in 2017 US dollars. The second, IncDisparity, captures the income gap between White 

and African American households, using data from the American Community Survey (ACS) of 

the U.S. Census Bureau. 

All variables and their corresponding data sources are summarized in Table 1. 

*** Table 1 *** 

4. Data and sample characteristics  

4.1 Sample construction  

We employ two data sources to obtain the board composition of U.S. financial companies, 

namely, Institutional Shareholder Services (ISS) and Institutional Shareholder Services Global 

(ISS Global). Both ISS and ISS Global provide data on the list of current directors as of the proxy 

date. The ISS dataset includes director composition information for companies listed in the S&P 

 
14 In additional tests, we include a bank’s CRA rating, a dummy variable for possessing a CRA rating, and the 

percentage of mortgage applications from CRA-targeted areas in our analysis. None of these variables are statistically 

significant. These results are not reported but are available upon request from the authors. 



 

17 

 

1500 index, with coverage beginning in 2007. The ISS Global dataset provides more 

comprehensive coverage but begins in 2013.  

We create a unified dataset on board composition for 2010–2023 by combining ISS and 

ISS Global. First, we use ISS data for financial companies from 2010–2012. Next, we add financial 

companies covered by ISS Global from 2013–2023. For overlapping years, we append the sample 

with ISS banks not already covered by ISS Global. The sample period (2010–2023) matches the 

timeframe for which top-holder information is available from HMDA, allowing us to aggregate 

loan origination data at the bank holding company level. 

Both ISS and ISS Global provide information on a director’s race. Director race 

information is voluntary, and many firms do not report it. ISS and ISS Global determine director 

race using several data sources. First, they seek company feedback and explicit public disclosure 

of a director’s race. In the absence of such disclosures, ISS and ISS Global utilize other sources 

such as director biographies, company documents and websites of other companies or associations 

where an individual also serves as a director or as an employee. If a clear determination still cannot 

be made, ISS and ISS Global validate a directors’ race using photos in public filings (DEF 14A, 

10-K). Following Bernile et al. (2018), we exclude companies with fewer than four directors on 

the board. 

The Federal Reserve assigns a unique identification code, RSSD, to each financial 

organization that it oversees. We use the PERMCO-RSSD link table provided by the Federal 

Reserve Bank of New York (FRBNY) to link the ISS directors file data to the HMDA loan 

originator data.   In our data, 1,675 bank-years do not have an RSSD code assigned by the Federal 

Reserve; these observations are dropped from our sample. We drop another 521 bank-years 

because the bank has no loan application records in the HMDA dataset. The resulting sample 
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consists of 3,360 bank-year observations and 54,066,488 mortgage loan applications. We only 

consider mortgage loan applications for properties with one to four family units.  These properties 

are more likely to be for personal use rather than commercial use. The sample excludes loan 

purchases because our focus is on the rejection rates at the loan origination stage. 

 We require that data are available on CRSP, Compustat, and the Federal Reserve’s form 

Y9C, which reports consolidated financial statements for bank holding companies. This 

requirement further reduces the sample by 1,237 bank-year observations.  Next, we require that 

banks have at least 1,000 loan applications in any given year.  This requirement eliminates 482 

bank-year observations and ensures that our results are not driven by small loan originators who 

may have only a handful of mortgage loan applications by minority borrowers. We restrict the 

sample to bank-years with at least 50 African American loan applications to ensure meaningful 

representation of African American borrowers. This requirement eliminates another 455 bank-year 

observations. We then further limit the sample to bank-years where at least 75 percent of board 

members' racial identities are known, following the heuristic used by Balogh and Yonkers (2024). 

The final sample consists of 1,101 bank-year observations and 46.24 million mortgage loan 

applications from 2010 to 2023.  The number of unique banks in our sample is 143. Table 2 

summarizes the sample requirements and the number of observations that meet each data 

requirement. 

*** Table 2 *** 

4.2 Sample characteristics  

Table 3 reports the summary statistics for the variables in the sample.  We find that the 

rejection rates are significantly higher for African American borrowers.  For African Americans, 

the average rejection rate is 49 percent, relative to 32.7 percent for White borrowers.  The average 
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rejection rate is also higher for other minority borrowers, at 41.7 percent.  For board diversity, we 

find that 62.1 percent of all bank-years in our sample have at least one African American director.  

However, African American board members account for only 7 percent of all directors in the 

sample.  Out of the 684 bank-year observations with at least one African American director, 446 

have only one African American director, 211 have two, 22 have three, and five banks have four 

each.15  

*** Table 3 *** 

The data show that minority representation on bank boards is significantly lower than their 

proportion in the general population. One potential explanation is the scarcity of minority 

executives in the states where these banks are headquartered. For example, the average percentage 

of executives in these states who are African American is only 3.6 percent. Minorities also 

represent only a small fraction of all mortgage applications: African Americans account for 5.2 

percent while other racial minority groups account for 11.8 percent. Along with high rejection 

rates, this suggests that minorities face substantial challenges in securing mortgage financing.  

*** Table 4 *** 

Table 4 provides a summary of African American board representation and the number of 

banks appointing African American directors each year. We find that more banks add African 

American board members from 2020 onwards compared to the period before 2020. This change 

coincides with the murder of George Floyd in May 2000 and the subsequent social movement 

against systemic racism. Our results align with trends observed in other studies covering both 

banks and non-bank companies (Bogan et al. 2021; Balakrishnan et al. 2023; Balogh and Yonker 

2024; Pajuste et al. 2024). In the four years prior to 2020, an average of eight new African 

 
15 Truist Financial Corp (2020-2023) and Fulton Financial Corp (2021) have the highest number of African American 

directors on their boards, each with four. 



 

20 

 

American directors were added annually, compared to an average of 19 in the four years from 

2020 onward. This increase does not appear to be due to an increasing board size—prior to 2020, 

African Americans made up six percent of board members, which rose to 9.1 percent in the four 

years from 2020 onwards.  

5. Empirical results  

5.1 Determinants of African American board representation 

Our first set of results examines the determinants of African American board representation. 

Table 5 reports estimate of equation (1). Column (1) includes the three board structure variables 

that may themselves be endogenously chosen by banks (BoardSize, BoardFemale, and 

BoardOtherMinority), Column (2) excludes them, and Column (3) adds the state-level controls for 

income disparity and per capita income. Standard errors are clustered by bank to account for 

within-bank correlation over time. 

The results are broadly consistent with the hypotheses outlined in Section 3. Bank size 

emerges as a key determinant: small banks are significantly less likely to have an African 

American director than medium or large institutions, consistent with the idea that larger banks face 

stronger regulatory and political pressure and possess greater resources to recruit scarce minority 

executives (Bogan et al., 2021). Board size itself is unrelated to the likelihood of having an African 

American director, suggesting that capacity constraints on small boards are not the primary 

limiting factor. Instead, board composition and culture favoring diversity appear more relevant. 

Boards with a higher share of female directors are significantly more likely to include an African 

American member, supporting the view that a culture of inclusivity fosters broader diversity. 

Similarly, banks receiving more applications from majority-minority census tracts (MMCTApply) 
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are more likely to have African American board representation, consistent with a alignment 

between customer demographics and leadership. 

In contrast, ownership by the Big Three index fund families whose campaigns effectively 

increased gender diversity on corporate boards (Gormley et al., 2023) has no measurable effect on 

African American representation. This implies that such initiatives did not extend to racial 

diversity within banking. By contrast, the local labor supply proxy (AAExecutives) is positively 

and significantly related to BoardAA, indicating that regional availability of qualified African 

American executives remains an important constraint on representation (Rose and Bielby, 2011; 

Knyazeva et al., 2013; Giannetti and Zhao, 2019; Bogan et al., 2021). 

Among the control variables, banks with a smaller share of real estate loans are more likely 

to have African American board members, though board diversity is unrelated to prior 

performance (ROA), risk (IVOL), or capital adequacy (Capital). The state-level characteristics 

(IncDisparity and LogStateGDP) are insignificant. Finally, the positive and significant coefficient 

on YearTrend confirms that African American board representation has increased over time. 

Overall, the results suggest that representation is endogenous to bank size, diversity culture, 

customer composition, and local labor market conditions, rather than driven by financial 

performance or state-level economic factors. 

*** Table 5 *** 

5.2 Lending outcomes for African American borrowers 

5.2.1 OLS and truncated regressions 

Our main results concern the association between African American board representation 

and mortgage lending outcomes for African American borrowers. Prior research on mortgage 

discrimination has focused mainly on borrower rejection rates. We extend this analysis by 
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examining both the number of African American mortgage applicants and the number of approved 

loans for African American borrowers. Because both count variables (applications and loans) are 

highly skewed, we use their natural logarithms in the analysis. 

As a starting point, we estimate the following model using an unbalanced panel of 1,101 

bank-year observations from 2010 to 2023: 

𝐿𝑒𝑛𝑑𝑖𝑛𝑔 𝑂𝑢𝑡𝑐𝑜𝑚𝑒𝑖,𝑡 =  𝛼 +  𝛽1 ∗ 𝐵𝑜𝑎𝑟𝑑𝐴𝐴𝑖,𝑡−1 + 𝛽2 ∗ 𝑐𝑜𝑛𝑡𝑟𝑜𝑙 𝑣𝑎𝑟𝑖𝑎𝑏𝑙𝑒𝑠𝑖,𝑡−1 +  𝛽3 ∗

𝑌𝑒𝑎𝑟𝑇𝑟𝑒𝑛𝑑𝑡 + 𝜖𝑖,𝑡  ,                                                           (2) 

where Lending Outcome is given by either the log number of applications of African American 

borrowers (LnApplyAA), the rejection rate for African American borrowers (RejectAA), or the log 

of one plus the number of loan approvals for African American borrowers (LnApproveAA). The 

results are presented in Table 6. Columns (1) and (2) are estimated as truncated regressions to 

account for the sample requirements that banks receive at least 50 applications from African 

American borrowers. Columns (3) through (6) are estimated using OLS. For each lending outcome 

variable, we report two set of results – one controlling only for time and one controlling for the 

full set of bank and board characteristics. We exclude the two state-level controls (IncDisparity 

and LogStateGDP) from these specifications for simplicity, as their inclusion does not 

meaningfully affect the reported coefficients. All standard errors are clustered by bank. 

We find that firms with at least one African American director attract a larger number of 

mortgage applications from African American borrowers, holding other factors constant. The 

estimated coefficient on BoardAA is positive and highly significant in both column (1), which 

includes only a time trend, and column (2), which adds the full set of controls. The more 

conservative coefficient on BoardAA of 0.573 in column (2) implies that, all else equal, having at 

least one African American on the board is associated with approximately 77 percent more 
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mortgage applications from African American borrowers (exp0.573 – 1 = 0.77). This magnitude is 

economically large: for example, a lender receiving 250 such applications (the median number in 

our sample, see Table 3) on average would be expected to receive about 443 applications if an 

African American served on its board. 

Columns (3) and (4) of Table 6 show that firms with at least one African American director 

have rejection rates for African American borrowers that are similar to those of other lenders. In 

the specification controlling only for the time trend, the coefficient on BoardAA is 0.032, and in 

the full model it decreases to –0.025. Neither estimate is significant at conventional levels. These 

results indicate that the presence of an African American board member does not systematically 

affect the likelihood that an application from an African American borrower is rejected once it has 

been submitted. 

Columns (5) and (6) of Table 6 report results for the natural log of one plus the number of 

loan approvals for African American borrowers. The estimated coefficient on BoardAA is large 

and highly significant in both specifications: 1.444 when only the time trend is included and 0.613 

in the fully controlled model. The latter, more conservative, coefficient implies that, holding other 

factors constant, lenders with at least one African American director approve roughly 85 percent 

more loans to African American borrowers (exp0.613 – 1 = 0.85) than otherwise similar institutions. 

Because the number of approvals is mechanically determined by the number of applications and 

the rejection rate, these results should be interpreted in that context. Given that BoardAA is strongly 

associated with higher application volumes but has no discernible effect on rejection rates, the 

positive relationship with approvals appears to operate entirely through greater participation by 

African American borrowers rather than through any relaxation of lending standards. In other 

words, firms with African American directors attract more African American applicants and, 
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consequently, approve more loans, but they do not treat applicants differently once applications 

are submitted. 

To assess the potential influence of omitted variables, we compute Oster’s (2019) δ statistic, 

which gauges how strong selection on unobservables would have to be relative to selection on 

observables to fully explain away the estimated effect. Intuitively, a δ of one indicates that 

unobserved factors would need to be as important as the observable covariates in order to eliminate 

the estimated relationship. For LnApplyAA, δ equals 1.22 (based on OLS estimates), and for 

LnApproveAA, δ equals to 1.37. Both values are above the heuristic threshold of one often used to 

flag robustness, suggesting that unobservables would need to be 22% to 37% more influential than 

the included covariates to drive the coefficients on BoardAA to zero. These results imply that the 

estimated effects of African American board representation on applications and approvals are 

unlikely to be explained solely by omitted variable bias. 

*** Table 6 *** 

Several additional results may interest policymakers. Large banks attract significantly 

more applications from African American borrowers, which, despite a marginally higher rejection 

rate, translates into significantly more loan approvals. This pattern is expected given that the 

dependent variables are counts: larger banks process a greater volume of applications and, 

consequently, a greater number of approvals. Banks with more minority applicants (MMCTApply) 

have higher rejection rates for African American applicants. Interestingly, there is no evidence that 

these banks receive any more applications from African American borrowers. As a result, the 

number of loans they approve is marginally lower, likely reflecting the lower credit quality of their 

applicant pool. Banks with a higher proportion of female board members have higher rejection 

rates for African American applicants. While this result may seem counterintuitive, the 
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appointment of female directors is likely itself endogenous and influenced by various factors. 

Further research is needed to better understand these dynamics. We also find that the presence of 

other racial minority directors on boards is associated with fewer applications from African 

American borrowers and fewer approved loans, suggesting that the impact of board diversity on 

lending practices may differ depending on the demographic group represented. Banks that rely 

more on real estate loans have consistently lower rejection rates for African American applicants 

and as a result approve more loans. There are no discernable effects of board size, bank profit, risk, 

deposits, and capital. 

5.2.2 Matching models 

We estimate two matching models, namely, Kernel matching and Nearest Neighbor 

matching. The goal is to closely match treatment and control observations on observable covariates 

so that the two are only different from each other with respect to having an African American 

director on the board.  As is well known, matching does not require the standard linearity 

assumptions of OLS. 

Before estimating the matching models, we first check whether the two distributions (for 

the treatment and control groups) have common support using the Min-Max condition. Common 

support requires that the probability of receiving treatment for each possible value is within the 

same interval as the probability of not receiving treatment. Using the specification of column (1) 

in Table 5, we find common support for 997 of the 1,101 bank-year observations in the sample.16  

The matching results are based on this restricted sample.  

 
16 The range of probability of having an African American board member in the control group based on the model in 

column (1) of Table 5 is 0.0174 to 0.9814, while for the treatment group the corresponding range is 0.1227 to 0.9999. 

Hence, using the Min-Max condition, we restrict our sample to observations with probability in the range of 0.1227 

to 0.9814. 
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Table 7 reports these results. The results from the matching estimators corroborate the OLS 

findings. Using Kernel matching, the average treatment effect on the treated (ATT) for the log 

number of African American applications is 1.153, while under Nearest Neighbor matching it is 

0.321; both estimates are highly significant. The latter, more conservative, estimate implies that 

lenders with an African American director receive roughly 38 percent more applications from 

African American borrowers (e0.321 − 1 = 0.378) than comparable institutions without such 

representation. As in the OLS regressions, the estimated mean differences in rejection rates 

between firms with and without an African American director are small and statistically 

insignificant. For loan approvals, the estimated mean differences in the log one plus the number 

of approvals is 1.11 for Kernel matching, and 0.286 for Nearest Neighbor matching, both 

significant at conventional levels. The more conservative Nearest Neighbor estimate corresponds 

to an approximately 33 percent increase in approvals (e0.286 − 1 = 0.331). The consistency in sign, 

magnitude, and significance between the OLS and matching results reinforces the conclusion that 

African American board representation is associated with higher participation and approval of 

African American borrowers. 

*** Table 7 *** 

5.2.3 Modified control function regressions 

We next use the modified control function approach, developed by Klein and Vella (2010) 

and applied by Armstrong et al. (2022) in their study of the effect of executive stock options on 

systemic risk. The goal is to address potential endogeneity in the relationship between board 

diversity and lending outcomes. Specifically, we aim to understand how African American board 

representation affects the rejection rate of African American mortgage applicants, recognizing that 



 

27 

 

both the board’s diversity and the lending outcomes may be influenced by factors not directly 

observable in our data. 

A standard regression approach might be misleading in our setting because unobserved 

characteristics affecting board diversity are likely to be correlated with unobserved characteristics 

affecting lending to African Americans. As in Armstrong et al. (2022), we find it impossible to 

identify an instrument that affects African American board representation but is unrelated to banks’ 

lending policies toward African American mortgage applicants. If discriminatory attitudes or 

institutional cultures drive both lending behavior and the composition of the board, then any 

variable correlated with discrimination will necessarily influence both outcomes. In this setting, 

the mechanisms that determine board diversity are inherently intertwined with those that shape 

lending practices, making it infeasible to isolate an exogenous source of variation in board 

representation. 

To circumvent this identification problem, we employ a two-stage method known as the 

modified control function approach first proposed by Klein and Vella (2010) and recently 

implemented by Armstrong et al. (2022). This method explicitly accounts for unobservable 

characteristics by modeling the correlation between the error terms from equation (1) and equation 

(2). 

The modified control function technique uses differences across distinct "markets" (such 

as different geographic areas or time periods) to isolate exogenous variation needed to identify the 

model. Crucially, each market varies in terms of the ratio of the variability of the error terms of 

equation (1) and equation (2), namely 𝜎𝜀𝑖𝑡
𝜎ƞ𝑖𝑡

⁄ . This variation, stemming from differences in local 

economic and regulatory conditions, provides the exogenous leverage to separate the causal impact 

of AABoard on lending outcomes from confounding unobservable factors. 
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Following Armstrong et al. (2022), we employ an iterative estimation procedure. The 

estimation proceeds as follows: 

Step 1: Estimate equation (1) on the determinants of BoardAA to obtain residuals capturing 

any unobserved factors affecting diversity choices.  

Step 2: Compute the variance of the residuals from equation (1), 𝜎ƞ𝑗

2 , individually for each 

“market” j, reflecting distinct market conditions.  

Step 3: Construct a correction term, 
√𝜎𝜀𝑖𝑡

√𝜎ƞ𝑗

ƞ𝑖𝑡 , that explicitly accounts for correlated 

unobservable factors in equation (2). In the first iteration, the correction term is set 

to 
1

√𝜎ƞ𝑗

ƞ𝑖𝑡 .  

Step 4: Estimate an augmented version of equation (2) that includes 
√𝜎𝜀𝑖𝑡

√𝜎ƞ𝑗

ƞ𝑖𝑡  as an 

additional regressor. Specifically: 

 𝐿𝑒𝑛𝑑𝑖𝑛𝑔 𝑂𝑢𝑡𝑐𝑜𝑚𝑒𝑖,𝑡 =  𝛼 +  𝛽1 ∗ 𝐵𝑜𝑎𝑟𝑑𝐴𝐴𝑖,𝑡−1 + 𝛽2 ∗ 𝑐𝑜𝑛𝑡𝑟𝑜𝑙 𝑣𝑎𝑟𝑖𝑎𝑏𝑙𝑒𝑠𝑖,𝑡−1 +

 𝛽3 ∗ 𝑌𝑒𝑎𝑟𝑇𝑟𝑒𝑛𝑑𝑡 +  ρ
√𝜎𝜀𝑖𝑡

√𝜎ƞ𝑗

ƞ𝑖𝑡 + 𝜖𝑖,𝑡                                                        (3) 

Step 5: Iterate Steps 3 and 4 until convergence. Examine the estimates from equation (3). 

Defining markets balances two objectives: ensuring enough distinct markets for 

identification and having sufficient observations within each market to estimate the variance ratio 

accurately. We use two approaches to define markets.  In the first approach, each year is treated as 

a distinct market. This captures the idea that attitudes toward diversity, along with disclosure 

requirements, regulatory expectations, and societal norms surrounding discrimination, evolve over 
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time. Moreover, the pool of potential executives is inherently time-specific, since banks can only 

recruit individuals active each year. These factors together justify treating each year as a separate 

market for identification purposes. In the second approach, following Armstrong et al. (2022), we 

divide the sample into markets defined by the interaction of six time periods and the four 

geographic regions of the Office of the Comptroller of the Currency (OCC). The OCC charters, 

regulates, and supervises national banks and federal savings associations, with each regional office 

responsible for oversight within its territory. Our identification relies on variation in supervisory 

practices across the four OCC regions and by year, yielding 24 distinct markets. 

*** Table 8 *** 

Table 8 presents the estimates from the modified control function regressions. Reported 

coefficients represent averages across 2,000 bootstrap replications of the iterative estimation 

procedure described above, with corresponding 90 percent confidence intervals. The results are 

consistent with those in Table 6. The presence of at least one African American director is 

associated with a 93 to 94 percent increase in mortgage applications from African American 

borrowers (corresponding to BoardAA coefficients of 0.662 and 0.655 in Panels A and B, 

respectively). This effect translates into approximately 82 to 117 percent more loan approvals for 

African American applicants. African American board representation remains unrelated to 

rejection rates across both market definitions. The coefficient on the control function correction 

term (ρ) is statistically insignificant, indicating no detectable endogeneity bias. This is consistent 

with the inference implied by the Oster (2019) δ statistics reported in Table 6. 

5.2.4 African American director appointments 

The preceding results are based on panel data combining loan outcomes and board 

composition. Ideally, we would estimate a bank-level fixed effects model to account for time-
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invariant bank characteristics and the underlying credit risk of each bank’s mortgage applicant 

pool. However, the limited availability of data on directors’ race currently prevents us from 

implementing such an approach. 

As an alternative approach, we explore how hiring an African American director to the 

bank’s board for the first time affects lending outcomes for African American borrowers. This 

methodology assumes that any consequential omitted variables are time-invariant. Importantly, it 

alleviates concerns of reverse causality, whereas banks that receive more applications from African 

American borrowers are more likely to appoint an African American director to the board. It also 

alleviates concerns that our results reflect the geographic footprint of the bank’s operations. Within 

our sample, 62 banks appoint an African American director for the first time.  

The results of this analysis are shown in Table 9. The number of banks included in the 

analysis varies across measures and declines with distance from the appointment year due to data 

limitations. Banks enter or exit the sample depending on whether they meet the inclusion criteria 

outlined in Section 4.1. 

Panel A presents results for the number of mortgage applications from African American 

borrowers. In the five years preceding the year of appointment (year = -5, …, -1), the mean of 

LnApplyAA is 5.33, corresponding to roughly 206 applications per year. In the five years following 

the appointment (including year 0), the mean rises to 5.76, or about 317 applications annually—

an increase of 111 applications, or 53.6 percent on average. The change is economically large and 

highly statistically significant. 

Panel B reports results for rejection rates. Consistent with the panel data analysis, there is 

no significant change in RejectAA around the appointment of an African American director. The 
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mean rejection rate is 44 percent in the five years before year 0, and 46 percent in the five years 

after, respectively. The difference is small and statistically insignificant. 

Panel C presents results for approved mortgages. In the five years before year 0, the mean 

of LnApproveAA is 4.72 (approximately 112 approvals per year), rising to 5.12 (about 167 

approvals) in the five years that follow—an increase of 55 approvals per year, or 53.5 percent on 

average. The growth in approvals mirrors the sharp rise in applications, while rejection rates 

remain stable. The results reinforce the conclusion that the effect of African American board 

representation operates primarily through increased borrower participation rather than changes in 

lending standards. 

*** Table 9 *** 

The preceding results are based on simple differences in mean lending outcomes. Table 10 

extends the analysis using an OLS regression framework that includes controls for bank and board 

characteristics. We construct an indicator variable, AfterBoardAA, equal to one for years 0 through 

4 and zero for years –5 through –1. The sample includes all banks that appoint an African American 

director for the first time in year 0. The regression results are consistent with the mean-difference 

estimates in Table 9. Following the appointment, mortgage applications from African American 

borrowers increase by approximately 39.9 percent (𝑒0.336 – 1), rejection rates remain unchanged, 

and mortgage approvals rise by about 40.4 percent (𝑒0.339 − 1). These findings confirm that the 

observed increases in applications and approvals persist after accounting for observable 

differences in bank and board characteristics. 

*** Table 10 *** 
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5.3 African American director appointments and future bank performance 

We next examine if appointing an African American director for the first time affects banks’ 

performance and risk. We examine measures of financial performance and risk for the years 

following the appointment compared to the years prior to the appointment. We use four proxy 

variables for bank performance, namely, buy and hold returns (BHRet), accounting profitability 

(ROA), stock market value (TobinQ), and nonperforming loans as a fraction of the bank’s total 

assets (BadLoans). We measure risk as the excess stock return volatility from the three-factor 

Fama-French model (IVOL).  All dependent variables are measured for year t+1 to mitigate reverse 

causality.  

The results are reported in Table 11. AfterBoardAA equals one for years 0 to 4, and zero 

for years -5 to -1. The sample consists of the 62 banks who appoint an African American director 

for the first time in year 0. We find no relationship between AfterBoardAA and any of the future 

financial bank performance and risk metrics. In other words, we find no evidence that appointing 

African American directors affects bank performance and risk. 

*** Table 11 *** 

As an additional test, we conduct an event study around the appointment of an African 

American director nominees to the board for the first time.17 As mentioned above, we identify 62 

such instances in our sample. For each instance, we manually search for the earliest mention of the 

appointment in news articles and 8-K filings. The results are summarized in Figure 1. We find no 

excess stock returns during event period. Hence, these appointments do not affect shareholder 

wealth. These results are consistent with the panel results reported in Table 11, showing no 

difference in future bank performance and risk.  

 
17 We thank Adi Sunderam for suggesting this test. 
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*** Figure 1 *** 

The finding that bank performance, risk, and value do not change with the appointment of 

an African American directors is hardly surprising. The percentage of mortgage applications 

received from African Americans in our sample is only 6.1 percent for banks with at least one 

African American director. According to data provided by Statista, residential mortgages account 

for 9.5 percent of total bank assets as of 2023 Q4 (end of our sample).18 Hence, the performance 

impact of the additional loans to African American borrowers is likely too small to be detected in 

our tests.  

6. Conclusions  

Over the past decade, U.S. regulators, stock exchanges, institutional investors, and state 

legislatures have pursued a wave of initiatives aimed at increasing board diversity. That 

momentum has since reversed: most quota-based or mandatory rules such as California’s board-

diversity statutes and Nasdaq’s “comply-or-explain” listing requirements have been struck down 

or repealed. In this changing environment, understanding the economic consequences of minority 

board representation on minority mortgage credit access remains an important public policy 

question. 

We find a consistent and robust empirical pattern: banks with an African American director 

attract substantially more mortgage applications from African American borrowers and, as a result, 

approve more loans. In contrast, rejection rates remain statistically unchanged. These findings 

indicate that African American board representation is associated with greater borrower 

participation rather than relaxed lending standards. 

 
18 https://www.statista.com/statistics/1357194/loans-as-a-share-of-bank-assets-in-the-us-by-type/ 
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We also document that board composition is endogenously determined. Larger banks, 

institutions with a more diverse customer base, and those operating in regions with higher African 

American labor supply are more likely to appoint African American directors. The evidence does 

not suggest that board diversity is linked to prior or subsequent differences in performance or risk. 

Taken together, the results provide a nuanced view of how minority representation affects 

access to credit for minorities. African American directors appear to expand engagement with 

minority communities without altering underwriting behavior once applications are submitted. As 

legal and political pressures reshape the landscape of diversity initiatives, these findings 

underscore that the benefits of inclusion may operate through outreach or signaling rather than 

through direct changes in credit standards. Understanding these mechanisms and identifying how 

governance structures can improve minority access to mortgage credit remains an important 

direction for future research. 
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Figure 1: Cumulative abnormal return around the appointment of an African American director to the 

board 

This figure presents an event study analysis of stock price reactions around the first appointment of an African 

American director to a bank’s board. The sample includes 62 such events. The analysis is performed using the 

Eventus module on WRDS. Abnormal returns are estimated relative to the market model, estimated over the 100 

trading day window ending 50 days prior to the event date. 
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Table 1: Variable definitions and data sources 

 

Variable name Variable definition Source* 

RejectAA 

 
Percentage of mortgage applications from African American 

borrowers that are rejected in year t. 
HMDA 

LnApplyAA Natural logarithm of the total number of applications from African 

American borrowers in year t. 

HMDA 

LnApproveAA Natural logarithm of one plus the total number of applications from 

African American borrowers that are approved plus 1 in year t. 

HMDA 

BoardAA Indicator variable that equals one when the board has at least one 

African American director, and zero otherwise, in year t. 

ISS 

SmallSize Indicator variable that equals one when the total assets in year t-1 is 

less than $10 million. 

Compustat 

MediumSize Indicator variable that equals one when the total assets in year t-1 is 

between $10 million and $100 million. 

Compustat 

BoardSize Natural logarithm of the number of directors on the board in year t-1.  ISS 

MMCTApply Percentage of loan applications from majority minority census tracts 

(MMCT) in year t. A census tract is considered an MMCT if the 

population of African Americans/Hispanics is greater than or equal to 

50% of the tract population. 

ACS 

BoardFemale Percentage of female directors on the board in year t-1. ISS 

BoardOtherMinority Percentage of directors from other minority groups on the board in 

year t-1. 
ISS 

Big3 Percentage share ownership of Blackrock, State Street, and Vanguard 

in year t-1. 

ISS 

AAExecutives Ratio of African American executives to total executives in the state 

where bank is headquartered in year t-1. 

EEOC 

ROA Ratio of net income to total assets in year t-1. Compustat 

IVOL Sqrt(12) multiplied by the standard deviation of monthly excess stock 

returns. Excess stocks returns are defined using the Fama-French 

three-factor market model estimated over year t-1. 

CRSP 

Capital Equity capital plus minority interest less portion of perpetual 

preferred stock and goodwill as a percent of adjusted risk-weighted 

assets in year t-1. 

Compustat 

Deposits Ratio of deposits to total assets in year t-1. 

 

Compustat 
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RealEstateLoans Ratio of real estate loans to total assets in year t-1. FR-Y9C 

IncDisparity Ratio of the median household income in the past 12 months of 

African American households to that of White households in the 

bank’s headquartered state, measured in year t-1. 

ACS 

LogStateGDP Natural logarithm of GDP per capita for the bank’s headquarter state 

(2017 US dollars) in year t-1. 
BEA 

IVOLt+1 Square root of 12 multiplied by the standard deviation of monthly 

excess stock returns. Excess return is defined using the Fama-French 

3-factor market model estimated for year t+1. 

CRSP 

TobinQt+1 Market value of equity plus book value of total liabilities for years 

t+1 divided by total assets in year t. 

Compustat 

BadLoanst+1 Nonperforming loans for year t+1 divided by total assets at year t. FR-Y9C 

BHRett+1 Buy and holding returns for year t+1 CRSP 

YearTrend The difference between year t and year 2009 Compustat 

 

* Abbreviations: Home Mortgage Disclosure Act (HMDA); Institutional Shareholder Services (ISS); U.S. Equal 

Employment Opportunity Commission (EEOC); Consolidated Financial Statements for Holding Companies 

Report filed with the U.S. Federal Reserve (FR-Y9C); American Community Survey of the U.S. Census Bureau 

(ACS); Bureau of Economic Analysis (BEA); Center for Research in Security Prices at the University of Chicago 

(CRSP).
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Table 2: Sample selection 

The initial sample comprises of lending institutions incorporated in the U.S. from ISS and ISS Global for the 

years 2010 to 2023.  

  

Sample Construction 

# of bank-

year 

observations 

# of loan 

applications 

Lending institutions (SIC 6000-6299) incorporated in the U.S. in ISS and 

ISS Global for the years 2010 to 2023 
5,508 n/a 

  Dropped if no RSSD is assigned by the Federal Reserve  (1,675) n/a 

  Dropped if no mortgage loan application records in HMDA (521) n/a 

Bank-years with loan data 3,360 54,066,488 

 Dropped if other control variables are missing from CRSP, Compustat, 

Y9C  
(1,237) (4,062,904) 

  Dropped if the number of loan applications is less than 1,000 (482) (238,104) 

Resulting sample in bank-years 1,641 49,765,480 

Bank-years with at least 50 African American loan applications 1,186 48,485,440 

Bank-years with at least 75% of racial information for the board 1,101 46,239,528 

Unique bank holding companies (BHCs) 143 n/m 
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Table 3: Summary statistics 

The sample comprises of U.S. lending institutions with at least 75% director racial information in a given year 

(from ISS and ISS Global) and mortgage loan application data (from HMDA). Data are for the years 2010 to 

2023. The sample consists of 1,101 bank-year observations. All variables are defined in Table 1. 

 

Variable   Mean p25 Median p75 min max Std dev 

RejectAA 

 

.49 .382 .488 .599 .094 .927 .146 

ApplyAA 2,498 114 250 962 50 106,393 8,163 

ApproveAA 1,101 57 124 494 6 50,021 3,692 

BoardAA  .621 0 1 1 0 1 .485 

BoardAAP .07 0 .077 .111 0 .286 .064 

SmallSize .422 0 0 1 0 1 .494 

MediumSize .417 0 0 1 0 1 .493 

BoardSize 2.46 2.303 2.485 2.565 1.792 3.178 .234 

MMCTApply% .266 .052 .102 .204 0 1 .358 

BoardFemale .183 .111 .167 .25 0 .583 .099 

BoardOtherMinority .046 0 0 .077 0 .75 .091 

Big3 .18 .133 .182 .231 .002 .367 .068 

AAExecutives .036 .024 .031 .04 0 .143 .021 

ROA .01 .008 .01 .012 -.052 .049 .006 

IVOL .145 .099 .129 .169 .043 .937 .077 

Capital 12.672 10.94 12.2 13.56 7.01 38.9 2.768 

Deposits .76 .73 .787 .824 .079 .898 .107 

RealEstateLoans .436 .318 .448 .561 .001 .891 .173 
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Table 4: African American board representation and African American director appointments, by year 

This table displays the average percentage of directors that are African American and the number of African 

American director hires, by year. 

 

Year Bank Observations 
Percentage of directors that are 

African American 

African American 

director appointments 

2010 29 .062 1 

2011 33 .06 0 

2012 43 .059 2 

2013 46 .056 3 

2014 73 .054 4 

2015 85 .051 3 

2016 88 .051 4 

2017 89 .058 11 

2018 94 .062 8 

2019 98 .063 8 

2020 108 .067 13 

2021 105 .086 25 

2022 111 .098 25 

2023 99 .113 14 
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Table 5: Determinants of African American board representation 

This table reports OLS regression estimates showing determinants of African American representation. Numbers 

in parentheses are t-statistics based on standard errors clustered at the bank level.  ***, **, and * correspond to 

1%, 5%, and 10% significance levels, respectively.  All variables are defined in Table 1.  

 

Model (1) (2) (3) 

SmallSize -0.263** -0.334*** -0.263** 

 (-2.546) (-3.301) (-2.556) 

MediumSize -0.066 -0.121 -0.065 

 (-0.865) (-1.554) (-0.853) 

BoardSize 0.164  0.168 

 (1.355)  (1.340) 

BoardFemale 0.713**  0.701** 

 (2.396)  (2.318) 

BoardOtherMinority -0.268  -0.259 

 (-0.667)  (-0.629) 

MMCTApply% 0.173*** 0.184*** 0.175*** 

 (3.111) (3.418) (3.137) 

Big3 -0.435 -0.301 -0.434 

 (-0.915) (-0.634) (-0.908) 

AAExecutives 4.629*** 4.030*** 4.636*** 

 (3.274) (3.167) (3.290) 

ROA -1.605 -2.829 -1.687 

 (-0.556) (-0.927) (-0.564) 

IVOL 0.217 0.211 0.227 

 (1.207) (1.134) (1.249) 

Capital -0.015 -0.019 -0.014 

 (-1.442) (-1.647) (-1.321) 

Deposits -0.332 -0.352 -0.321 

 (-0.893) (-0.887) (-0.851) 

RealEstateLoans -0.365** -0.419** -0.356* 

 (-2.022) (-2.257) (-1.928) 

YearTrend 0.017* 0.022** 0.017* 

 (1.849) (2.576) (1.864) 

IncDisparity   -0.160 

   (-0.401) 

LogStateGDP   0.013 

   (0.118) 

Constant 0.546 1.171*** 0.650 

 (1.110) (3.330) (1.174) 

    

Bank-year observations 1,101 1,101 1,101 

Adj. R2 0.295 0.275 0.295 

Cluster by bank Yes Yes Yes 

    

bMediumSize - bSmallSize 0.197*** 0.213*** 0.198*** 

F-statistic 7.08 8.26 7.26 
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Table 6: African American board representation and mortgage outcomes for African American 

borrowers: OLS & truncated regression 

This table presents truncated regression estimates (Column (1) and (2)) and OLS regression estimates (Column 

(3) - Column (6)) where the dependent variable is LnApplyAA, RejectAA, and LnApproveAA, respectively. 

Numbers in parentheses are t-statistics based on standard errors clustered at the bank level.  ***, **, and * 

correspond to 1%, 5%, and 10% significance levels, respectively.  All variables are defined in Table 1.   

 (1) (2) (3) (4) (5) (6) 

Model LnApplyAA RejectAA LnApproveAA 

BoardAA 1.529*** 0.573*** 0.032 -0.025 1.444*** 0.613*** 

 (6.800) (4.500) (1.572) (-1.374) (6.587) (4.481) 

SmallSize  -3.931***  -0.067*  -3.805*** 

  (-12.391)  (-1.856)  (-11.832) 

MediumSize  -2.911***  -0.042  -2.840*** 

  (-9.704)  (-1.415)  (-9.245) 

BoardSize  0.294  -0.037  0.432 

  (1.057)  (-0.963)  (1.381) 

BoardFemale  0.073  0.223**  -0.431 

  (0.091)  (2.348)  (-0.523) 

BoardOtherMinority  -1.641**  -0.029  -1.499* 

  (-2.205)  (-0.435)  (-1.951) 

MMCTApply%  -0.072  0.067***  -0.203* 

  (-0.683)  (4.956)  (-1.735) 

Big3  -1.444  0.187  -1.801 

  (-1.335)  (1.311)  (-1.560) 

ROA  13.123  1.884  6.085 

  (1.483)  (1.131)  (0.767) 

IVOL  -0.412  -0.112  -0.270 

  (-0.956)  (-1.600)  (-0.598) 

Capital  -0.032  -0.009*  -0.013 

  (-1.297)  (-1.786)  (-0.488) 

Deposits  1.350  0.093  1.200 

  (0.777)  (0.883)  (0.740) 

RealEstateLoans  0.665  -0.195**  1.214* 

  (1.072)  (-2.361)  (1.821) 

YearTrend -0.050** -0.013 -0.007*** -0.015*** -0.034 0.018 

 (-2.038) (-0.539) (-3.467) (-5.330) (-1.384) (0.724) 

Constant 5.497*** 7.279*** 0.532*** 0.807*** 4.700*** 5.719*** 

 (26.032) (4.907) (24.782) (4.914) (21.871) (3.674) 

       

Bank-year obs. 1,101 1,101 1,101 1,101 1,101 1,101 

Adj. R2 - - 0.033 0.235 0.180 0.612 

Cluster by bank Yes Yes Yes Yes Yes Yes 

       

Oster δ  1.22  -1.36  1.37 
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Table 7: African American board representation and mortgage outcomes for African Americans: 

Matching methods 

This table reports the average treatment effects on the treated group using two different matching methods: 

Kernel Matching and Nearest Neighbor Matching. The treatment group contains bank-years with at least one 

African American board director and the control group contains bank-years without any African American board 

directors. All matching is done with replacement using Model (1) in Table 5. Numbers in parentheses are z-

statistics based on standard errors adjusted using 10,000 bootstrap replications.  ***, **, and * correspond to 

1%, 5%, and 10% significance levels, respectively. All variables are defined in Table 1.  

 

  (1) (2) (3) 

Model Outcome variable LnApplyAA RejectAA LnApproveAA 

Kernel Mean difference  1.153*** 0.015 1.110*** 
 (z-statistics) (12.371) (1.457) (12.295) 

     

Nearest Neighbor Mean difference  0.321*** 0.007 0.286*** 
 (z-statistics) (3.090) (0.772) (2.617) 

     

 Bank-year 

observations 
997 997 997 
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Table 8: African American board representation and mortgage outcomes for African Americans: 

Modified control function approach 

This table reports modified control function estimates from regressions of LnApplyAA, RejectAA, and 

LnApproveAA on BoardAA, respectively. Coefficients represent averages obtained from 2,000 bootstrap samples, 

with 90% confidence intervals provided in brackets. In Panel A, matching markets are defined by calendar year. 

In Panel B, matching markets are defined by interactions between six-year periods and four groups based on 

OCC geographic districts.19 We adopt the modified control function approach as implemented by Armstrong, 

Nicoletti, and Zhou (2022). 

 

Panel A 

Market definition 14 markets, one for each year 

 (1) (2) (3) 

Model LnApplyAA RejectAA LnApproveAA 

BoardAA 0.662 -0.063 0.775 

 [0.045, 1.284] [-0.152, 0.024] [0.119, 1.440] 

r -0.039 0.123 -0.067 

 [-0.302, 0.22] [-0.162, 0.389] [-0.333, 0.199] 

    

Controls Yes Yes Yes 

Bank-year 

observations 

1,101 1,101 1,101 

Adj. R2 - 0.237 0.611 

 
 

Panel B  

Market definition 24 markets, 4 OCC-group * 6 year-group 

 (1) (2) (3) 

Model LnApplyAA RejectAA LnApproveAA 

BoardAA 0.655 -0.020 0.600 

 [0.124, 1.154] [-0.095, 0.057] [0.042, 1.173] 

r -0.038 -0.015 -0.038 

 [-0.258, 0.186] [-0.261, 0.222] [-0.222, 0.236] 

    

Controls Yes Yes Yes 

Bank-year 

observations 

1,101 1,101 1,101 

Adj. R2 - 0.237 0.610 

 

  

 
19 The six-year periods are defined as 2010-2012, 2013-2015, 2016-2017, 2018-2019, 2020-2021, and 2022-2023. 

The definition of four OCC geographic districts is based on Code of Federal Regulation. See 

https://www.ecfr.gov/current/title-12/chapter-I/part-4/subpart-A/section-4.5.  

https://www.ecfr.gov/current/title-12/chapter-I/part-4/subpart-A/section-4.5
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Table 9: Increase in African American board representation and mortgage outcomes for African 

American borrowers: Univariate analysis 

This table reports LnApplyAA, RejectAA, and LnApproveAA at banks appointing an African American director 

for the first time in year 0. Numbers in parentheses are t-statistics based on t-test of the mean rejection rates in 

pre and post periods.  ***, **, and * correspond to 1%, 5%, and 10% significance levels, respectively.   

 

Panel A: Applications 

 

Event year -5 -4 -3 -2 -1  0 1 2 3 4 

LnApplyAA 5.20 5.22 5.20 5.41 5.51  5.54 5.69 5.87 5.89 6.29 

Bank observations 30 38 39 48 54  62 51 38 27 18 

Pre & post LnApplyAA 5.33  5.76 

Post – pre LnApplyAA 0.429*** 

 (t-statistic for difference) (3.492) 

 

 

Panel B: Rejection rates 

 

Event year -5 -4 -3 -2 -1  0 1 2 3 4 

RejectAA 0.46 0.46 0.45 0.45 0.42  0.44 0.45 0.49 0.48 0.48 

Bank observations 30 38 39 48 54  62 51 38 27 18 

Pre & post RejectAA 0.45  0.46 

Post – pre RejectAA 0.016 

(t-statistic for difference) (1.15) 

 

 

Panel C: Approvals 

 

Event year -5 -4 -3 -2 -1  0 1 2 3 4 

LnApproveAA 4.56 4.57 4.59 4.79 4.95  4.94 5.07 5.17 5.21 5.62 

Bank observations 30 38 39 48 54  62 51 38 27 18 

Pre & post LnApproveAA 4.72  5.12 

Post – pre LnApproveAA 0.398***  

(t-statistic for difference) (3.213) 
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Table 10: African American board appointments and mortgage outcomes for African American 

borrowers: Truncated and OLS regressions 

This tables shows truncated and OLS regression estimates where the dependent variables are LnApplyAA, 
RejectAA, and LnApproveAA for Column (1), (2) and (3), respectively. The sample consists of banks appointing 

an African American director for the first time in year 0. For each bank, data are for the period from year -5 to 

year +4 relative to the year of appointment (year 0).  AfterBoardAA is an indicator variable that equals one for 

bank observations for years 0 to 4. The control variables are the same as in Table 6. Numbers in parentheses are 

t-statistics based on standard errors clustered at the bank level. ***, **, and * correspond to 1%, 5%, and 10% 

significance levels, respectively.  All variables are defined in Table 1. 

 (1) (2) (3) 

Model LnApplyAA RejectAA LnApproveAA 

AfterBoardAA 0.336** -0.003 0.339** 

 (2.244) (-0.134) (2.075) 

    

Controls Yes Yes Yes 

    

Bank-year observations 405 405 405 

Adj. R2 - 0.183 0.456 

Cluster by bank Yes Yes Yes 
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Table 11: African American board appointments and bank performance  

This table report the estimates where the dependent variable is the metric identified in each column. This sample 

includes only banks that appoint an African American board director during the sample period. For each bank, 

data are for the period from year -5 to year +4 relative to the year of appointment (year 0).  AfterBoardAA is an 

indicator variable that equals one for bank observations for years 0 to 4. The control variables are the same as in 

Table 6. Numbers in parentheses are t-statistics based on standard errors clustered at the bank level.  ***, **, 

and * correspond to 1%, 5%, and 10% significance levels, respectively.  All variables are defined in Table 1. 

 

 (1) (2) (3) (4) (5) 

Model BHRett+1 ROAt+1 TobinQt+1 BadLoanst+1 IVOLt+1 

AfterBoardAA 0.024 0.001 -0.030 0.000 -0.003 

 (0.958) (0.688) (-1.344) (0.607) (-1.482) 

      

Controls Yes Yes Yes Yes Yes 

      
Bank-year observations 367 366 363 363 367 

Adj. R2 0.094 0.113 0.183 0.341 0.152 

Cluster by bank Yes Yes Yes Yes Yes 

 


